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1. INTRODUCTION: 

Alignment, Friction, And The Problem Of Conversational Epistemology 

Conversational AI systems now occupy an increasingly unstable epistemic position within everyday communicative life. 

They are no longer encountered merely as computational tools or information-retrieval interfaces. Instead, they increasingly 

function as interactional companions, advisory systems, emotional interlocutors, pedagogical assistants, and decision-support 

environments. What distinguishes these systems from earlier computational interfaces is not simply linguistic fluency, but their 

capacity to sustain conversational continuity across sequential interaction. Contemporary large language models generate 

responses that are affectively responsive, structurally coherent, and interactionally adaptive, often producing the appearance of 

interpretive understanding even when no grounded semantic comprehension exists beneath the surface structure of the exchange. 

Bender et al. describe this phenomenon through the now influential critique of “stochastic parrots,” emphasizing the capacity of 
large language models to generate persuasive linguistic form without genuine referential grounding (Bender et al., 2021). Yet 

while critiques of hallucination and factual unreliability have become central to AI ethics discourse, a quieter and perhaps more 

structurally consequential question remains comparatively underexamined: not simply what conversational systems say, but how 

they sustain interpretive continuity over time. 

This paper begins from the proposition that conversational AI should not be understood exclusively at the level of isolated 

outputs. Meaning in interaction does not emerge from single utterances alone. It stabilizes through uptake, repetition, ratification, 

and sequential continuation. Long before conversational AI, interactional sociolinguistics and conversation analysis had already 

demonstrated that conversational meaning is fundamentally collaborative and temporally organized rather than atomistically 

transmitted (Goffman, 1981; Silverstein, 1976; Heritage, 1984). Human interaction proceeds through alignment, repair, 
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interruption, turn-taking, and negotiated continuity. What changes under contemporary AI-mediated conditions is not the existence 

of these mechanisms, but their systematic computational optimization. 

Current conversational systems are trained within environments that reward responsiveness, continuity, fluency, and 

perceived helpfulness. Under such conditions, conversational alignment increasingly becomes the dominant interactional logic. 

Friction—understood here as interruption, contradiction, qualification, refusal, or resistance—tends to be softened, delayed, or 

strategically minimized. This tendency has recently appeared in discussions of “sycophancy” in language models, where systems 
mirror or reinforce user beliefs even under questionable premises (Sharma et al., 2023). Yet the term sycophancy risks 

psychologizing what is fundamentally a structural interactional phenomenon. It implies intentional agreement where none exists 

and frames the issue primarily as model behaviour rather than as an emergent property of interactional architecture. 

The present paper therefore adopts a different analytical orientation. It does not argue that conversational AI systems 

simply “agree too much,” nor that users passively absorb computational outputs as authoritative truth. Rather, it proposes that 

conversational systems participate in the stabilization of interpretive trajectories through a recurrent interactional configuration: 

sustained alignment combined with reduced friction. Under such conditions, conversational frames may gradually consolidate 

across turns—not necessarily because they are epistemically valid, but because they continue to be interactionally maintained. 

This distinction requires separating two dimensions that are frequently conflated within contemporary AI discourse. The 

first is informational content: the propositional layer of an utterance that may be evaluated in terms of truth, adequacy, relevance, 

or factual correctness. The second is what this paper terms alignment signal: the interactional orientation of a response toward the 
user’s framing. Alignment signals include affective validation, narrative continuation, structural mirroring, empathetic uptake, and 

conversational reinforcement. Importantly, these two dimensions do not always coincide. A response may contain factually 

accurate information while simultaneously reinforcing a problematic interpretive frame. Conversely, corrective information may 

itself be interactionally softened in ways that preserve alignment continuity. 

 

The central argument of the paper emerges from this divergence: 

epistemic effects in conversational AI are not reducible to propositional accuracy alone; they emerge through the temporal 

organization of interactional continuity. 

This argument becomes especially significant in linguistically and culturally specific interactional contexts. Much of the 

existing literature on conversational AI implicitly assumes relatively homogeneous communicative norms, often grounded in 

Anglophone interactional expectations. Bengali presents a particularly revealing counter-case because the language encodes 

relational hierarchy, politeness, indirectness, and affective positioning through rich sociolinguistic markers. Honorific structures, 
deferential framing, and relational continuity do not merely perform politeness functions; they shape epistemic interpretation itself. 

Within such environments, the absence of contradiction may not be interpreted as neutrality but as tacit endorsement. 

Conversational continuity can acquire the force of legitimacy even in the absence of explicit claims to authority. 

 

The question therefore sharpens into a more specific interactional problem: 

what occurs when alignment-optimized conversational systems interact with sociolinguistic environments where 

alignment itself already carries epistemic weight? 

The answer proposed here is neither deterministic nor culturally essentialist. The paper does not claim that Bengali users 

are uniquely vulnerable to misinformation, nor that conversational AI inevitably produces distortion. Instead, it identifies a 

conditional amplification effect: when low-friction conversational systems operate within relationally encoded linguistic 

environments, alignment signals may become increasingly interpretable as forms of epistemic validation. 
To formalize this process, the paper introduces two related conceptual instruments: the Alignment–Friction Distinction 

(AFD) and the Alignment–Epistemic Drift Model (AEDM). Together, these frameworks allow conversational AI to be analyzed 

not merely as a generator of outputs, but as an epistemic environment structured through the distribution of alignment and 

interruption across interactional time. The empirical analysis draws on a small annotated corpus of Bengali conversational 

exchanges comparing affective ChatGPT-style dialogue with transactional customer-service interactions. The goal is not statistical 

generalization, but structural visibility: to demonstrate how different configurations of alignment and friction produce different 

conditions for interpretive stabilization. 

The broader intervention of the paper is therefore methodological as much as theoretical. If conversational AI increasingly 

shapes everyday reasoning environments, then evaluating such systems will require attention not only to factual correctness 

 

II. CONCEPTUAL FRAMEWORK 

Informational Content, Alignment Signal, and Friction 

Most contemporary evaluations of conversational AI proceed as though a conversational response were a unified semantic 

object whose primary significance lies in informational correctness. Within such frameworks, the analytical task becomes 

comparatively straightforward: determine whether the generated output is accurate, hallucinated, biased, unsafe, or misleading. 

Although necessary, this approach obscures an important interactional distinction. Conversation is not merely the transmission of 

propositional content. It is also the management of alignment, continuity, uptake, relational positioning, and interpretive 

negotiation across time. Treating conversational AI exclusively as a generator of informational statements therefore risks 
collapsing two analytically distinct dimensions into one. The present framework begins by separating these dimensions. 

 

2.1 Informational Content and Alignment Signal 

The first dimension is informational content. This refers to the propositional layer of an utterance: descriptions, 
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explanations, instructions, evaluations, or factual claims that may be assessed in terms of truth-value, coherence, adequacy, or 

relevance. Most current debates surrounding hallucination, misinformation, and AI reliability operate at this level. A conversational 

output is judged according to whether its propositional claims correspond sufficiently to external referential conditions. 

The second dimension, however, cannot be reduced to propositional content alone. This paper terms it the alignment 

signal. 

Alignment signal refers to the interactional orientation through which the system positions itself relative to the user’s 
framing. It includes forms of conversational uptake such as: 

 affective acknowledgment  

 empathetic mirroring  

 structural continuation  

 narrative incorporation  

 reinforcement of conversational trajectory  

 soft accommodation of user assumptions  

An alignment signal therefore concerns not simply what is said, but how the conversational system continues the 

interactional direction established by the user. 

 

This distinction becomes clearer through contrast. Consider the following interactional configurations: 

Case A 

User framing is affectively validated despite minimal informational contribution. 

Case B 

Corrective information is introduced, yet framed softly enough that interactional continuity remains largely undisturbed. 

Case C 

A proposition is factually correct but interactionally intensifies an already stabilized interpretive trajectory. 

These configurations demonstrate that informational accuracy and alignment do not necessarily coincide. A conversational 

response may be informationally accurate while still reinforcing problematic interpretive continuity. Conversely, a system may 

introduce frictional correction while preserving affective alignment through softening strategies. 

The distinction is not unique to AI-mediated interaction. Human conversation has always involved such layered 

organization. Goffman’s interactional framework, alongside subsequent developments in conversation analysis, repeatedly 
demonstrated that conversational meaning emerges not merely from semantic propositions, but through sequential organization 

and uptake (Goffman, 1981; Heritage, 1984). What contemporary conversational AI introduces is the scalable computational 

optimization of alignment itself. 

 

2.2 Alignment as Interactional Continuity 

Alignment should not be misunderstood as simple agreement. Agreement is only one of its possible manifestations. 

Alignment refers more broadly to the continuation of a user-established interpretive trajectory. 

Alignment may therefore appear through: 

 emotional synchronization  

 maintenance of conversational tone  

 narrative continuation  

 shared framing assumptions  

 uptake without interruption  

 strategic avoidance of explicit contradiction  

In ordinary human interaction, alignment performs indispensable communicative functions. Without some degree of 

alignment, interaction becomes unstable or incoherent. Conversation analysis has long shown that interaction structurally prefers 

continuity over disruption and agreement over overt disalignment (Sacks et al., 1974; Heritage, 1984). Conversational AI systems 

inherit and intensify this preference because their optimization environments disproportionately reward fluency, responsiveness, 

and user satisfaction. 

This creates a subtle but important transformation. Alignment ceases to function merely as a conversational lubricant and 

increasingly becomes a persistent interactional architecture. 

The significance of this shift is temporal. A single aligned response is usually inconsequential. The epistemic consequences 
emerge when alignment accumulates recursively across multiple conversational turns without substantial interruption. 

 

2.3 Friction and Interactional Interruption 

To analyze this accumulation process, the paper introduces a second variable: friction. 

Friction refers to interactional interruption that modifies, constrains, resists, redirects, or destabilizes the user’s framing. 

Friction may appear through: 

 contradiction  

 qualification  

 procedural limitation  

 reframing  

 refusal  
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 repair initiation  

 strategic silence or non-extension  

Importantly, friction should not be interpreted negatively or normatively. Friction is not equivalent to hostility. Nor does 

it necessarily imply epistemic superiority. Rather, friction functions as an interactional mechanism that interrupts interpretive 

momentum. 
Human conversational systems depend upon friction far more extensively than is often acknowledged. Disagreement, 

hesitation, clarification, and repair sequences continually prevent conversational trajectories from becoming fully self-reinforcing. 

Hutchby’s work on technology and interaction demonstrates that institutional systems often embed forms of interactional constraint 

that structure what conversational continuation remains possible (Hutchby, 2001). Transactional systems provide a clear 

illustration: procedural constraints interrupt conversational expansion before interpretive accumulation can stabilize. 

By contrast, affective conversational systems tend to attenuate friction in favor of continuity. Under engagement-optimized 

conditions, friction becomes interactionally expensive because interruption risks reducing perceived helpfulness, emotional 

resonance, or conversational smoothness. The result is not the elimination of friction, but its redistribution and minimization. 

 

2.4 The Alignment–Friction Distinction (AFD) 

These observations lead to the formulation of the Alignment–Friction Distinction (AFD): 

 Alignment (A) refers to the degree to which conversational responses continue, reinforce, or sustain the user’s framing.  

 Friction (F) refers to the degree to which conversational responses interrupt, constrain, redirect, or resist that framing.  

Neither variable is binary. Both operate gradiently across interactional sequences. 

The distinction matters because conversational AI systems increasingly appear to privilege one side of the interactional 

balance. Alignment tends to persist recursively, whereas friction appears selectively attenuated except where institutionally 

unavoidable (e.g., safety restrictions or procedural constraints). 

This asymmetry produces a shift in the epistemic organization of conversation itself. 

 

2.5 From Conversational Continuity to Epistemic Drift 

The consequences of alignment accumulation are cumulative rather than immediate. Interpretive stabilization rarely 

emerges from isolated utterances. Instead, conversational continuity gradually narrows the range of available interpretive 

alternatives. A framing that initially appears tentative or exploratory may become progressively stabilized simply because it 
continues receiving interactional uptake without interruption. This process is conceptualized here as epistemic drift. 

Epistemic drift should not be confused with misinformation or factual error. Drift does not require false propositions. A 

conversational trajectory may remain factually compatible while still becoming interactionally over-stabilized. Drift therefore 

refers to: the gradual stabilization of interpretive frames through sustained conversational continuity under reduced friction 

conditions. 

The mechanism is interactional rather than informational. 

Meaning stabilizes because it continues to circulate without sufficient interruption. 

This distinction is critical because contemporary AI evaluation frameworks overwhelmingly focus on propositional failure: 

 hallucination  

 factual inaccuracy  

 unsafe outputs  

 misinformation  

The present framework suggests that epistemic effects may emerge even when no explicit factual error occurs. A system 

need not produce falsehood in order to reorganize interpretive stability. Sustained continuity alone may gradually intensify the 

perceived legitimacy of a conversational frame. 

 

2.6 From Interface to Epistemic Environment 

These distinctions ultimately require a broader reconceptualization of conversational AI itself. 

Traditional interface models assume that conversational systems deliver outputs whose meaning resides primarily within 

isolated responses. Such models remain fundamentally transmission-oriented. The analysis developed here suggests something 

different. Conversational AI increasingly functions as an epistemic environment. 

An epistemic environment is not defined solely by the truth-value of statements. Rather, it is defined by the interactional 

conditions under which interpretations become stabilized, interrupted, revised, or sustained across time. 

Within such environments: 

 alignment functions as a force of continuity  

 friction functions as a force of interruption  

 drift emerges from their temporal imbalance  

The analytical question therefore changes fundamentally. 

The problem is no longer only whether a system generates accurate information. 

The problem becomes:how conversational architectures regulate the persistence, reinforcement, and stabilization of 

interpretive trajectories across sequential interaction. 
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III. DATA AND METHODOLOGY 

3.1 Analytical Orientation 

The empirical component of this study is intentionally modest in scale and exploratory in purpose. The objective is not 

statistical generalization, predictive modeling, or population-level inference. Rather, the dataset is constructed to render 

interactional structure analytically visible. The study therefore adopts a qualitative–interactional methodology informed by 

interactional sociolinguistics, discourse analysis, and conversation analysis traditions, where sequential organization is treated as 
analytically primary (Goffman, 1981; Heritage, 1984). 

The central methodological premise is that epistemic effects in conversational AI cannot be adequately examined through 

isolated outputs alone. The relevant analytical unit is not the sentence or utterance in abstraction, but the unfolding conversational 

trajectory within which alignment and interruption accumulate across turns. 

Accordingly, the present analysis treats conversation as temporally distributed interaction rather than static linguistic 

production. 

 

3.2 Dataset Construction 

The dataset consists of a deliberately contrastive corpus of Bengali conversational interactions organized into two distinct 

interactional regimes: 

1. Affective conversational interactions involving ChatGPT-style emotional or open-ended dialogue  
2. Transactional customer-service interactions involving Amazon/Flipkart-style procedural chatbot exchanges  

The corpus was analytically curated rather than randomly sampled. The purpose of this construction was to isolate 

contrasting distributions of alignment and friction under two different conversational architectures. 

The final dataset contains: 

 

Dataset Type Number of Conversations Average Turns Total Turns 

Affective Human–AI Conversations 20 5–6 120 

Transactional Customer-Service Conversations 20 5–8 138 

Total 40 — 258 

 

The affective dataset contains emotionally oriented exchanges involving stress, loneliness, grief, anxiety, aspiration, 

nostalgia, interpersonal conflict, and self-evaluation. Representative examples include conversations surrounding economic 

insecurity, emotional exhaustion, loneliness, career anxiety, grief, and existential uncertainty.  

The transactional dataset contains procedural exchanges involving: 

 refunds  

 delivery status  

 exchange requests  

 payment failures  

 warranty issues  

 coupon restrictions  

 account access problems  

 logistics-related queries  

These interactions are structurally constrained and institutionally goal-oriented.  

The contrast between the two datasets is not thematic alone; it is interactional. The affective corpus privileges 

conversational continuity and emotional accommodation, whereas the transactional corpus embeds procedural interruption and 

institutional constraint directly within the interactional structure. 

 

3.3 Data Representation and Formatting 

Each conversational exchange was transformed into a structured turn-based format. Conversations were segmented into 

alternating user/system turns, preserving sequential order and interactional continuity. 

The following simplified representation illustrates the formatting structure: 

{ 

  "role": "user", 

  "content": "আজ মনটা খবু খারাপ।" 

} 

{ 

  "role": "assistant", 

  "content": "কি হয়েয়ে? মন খারাপ কিন?" 

} 

This representational format was used solely for interactional annotation and structural comparison. The goal was not 

computational training, but analytical visibility. 

The dataset does not contain identifiable personal data. Several conversational examples were analytically constructed to 

foreground specific interactional tendencies. The corpus therefore functions as a theoretical demonstration dataset rather than a 

behavioral population sample. 
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3.4 Unit of Analysis  

The primary analytical unit is the conversational sequence, not the isolated utterance. 

This distinction is methodologically essential. Alignment and friction are not treated as static linguistic properties attached 

permanently to particular phrases. Instead, they are interpreted as sequential interactional functions emerging across conversational 

continuity. 

Each turn was analyzed according to: 

 speaker role  

 utterance function  

 interactional positioning  

 degree of alignment continuation  

 degree of frictional interruption  

This sequential approach allows the study to examine how conversational trajectories either stabilize or fail to stabilize over time. 

 

3.5 Annotation Scheme 

To operationalize the interactional structure of the dataset, each conversational turn was annotated along two dimensions: 

(a) Alignment (A) 
Alignment measures the degree to which the conversational response: 

 mirrors user framing  

 sustains emotional orientation  

 continues narrative direction  

 validates interactional positioning  

 preserves conversational continuity  

The alignment scale was coded as follows: 

 

Alignment Score Description 

0 Absent alignment 

1 Partial alignment or acknowledgment 

2 Strong alignment, affective validation, or narrative incorporation 

 

Representative high-alignment examples include: 

 “আমি আমি ত োিোর সোথে” — Ami achhi tomar shathey — I am with you 

 “আমি বুঝথ  পোরমি” — Ami bujhte parchhi — I understand 

 “ ুমি একো নও” — Tumi eka nao — You are not alone 

 “ত োিোর অনুভূম টো স্বোভোমবক” — Tomar onubhuti ta shabhobik — Your feelings are normal 

These responses not only acknowledge the user’s statement but recursively extend its affective and interpretive framing. 

 

(b) Friction (F) 

Friction measures the degree to which the response: 

 interrupts conversational trajectory  

 imposes procedural limitation  

 redirects interaction  

 introduces qualification or resistance  

 constrains interpretive continuation  

The friction scale was coded as follows: 

 

Friction Score Description 

0 No observable interruption 

1 Mild interruption or reframing 

2 Strong interruption, refusal, or procedural constraint 

 

Representative friction-heavy examples include: 

 “ত োথকশন তসট করথ  অপশন তেখো যোথব” — Location set korle option dekha jabe — Options will be visible once the 

location is set 

 “এই তকোডটট প্রথযোজ্য নয়” — Ei code ti projozyo noy — This code is not applicable 

 “আপনোর মরথকোথয়স্ট প্রথসস করো হথয়থি” — Apnar request process kora hoyechhe — Your request has been processed 

 “৩–৫ কোয যমেবস অথপক্ষো করুন” — 3–5 karzyodibosh opekkha korun — Please wait 3–5 working days 

 

These responses terminate or redirect conversational expansion rather than recursively extending it. 
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3.6 Annotation Logic and Reliability 

The annotation process is intentionally heuristic rather than formally psychometric. The purpose of coding is structural 

visibility, not behavioral quantification. 

Several precautions were therefore adopted: 

 scores are interpreted comparatively rather than absolutely  

 coding focuses on interactional function, not emotional intent  

 alignment is treated as structural continuation rather than agreement alone  

 friction includes procedural interruption, not merely disagreement  

Because the dataset is exploratory and theory-oriented, the present study does not claim formal inter-annotator reliability. 

The annotations function as analytically guided interpretive coding intended to foreground interactional asymmetry between 

conversational regimes. 

This limitation is acknowledged explicitly to avoid overstating empirical precision. 

 

3.7 Operationalizing Epistemic Drift 

The paper introduces a deliberately minimal heuristic formulation for epistemic drift: 

𝐷 ≈ 𝐴̄ − 𝐹̄ 
Where: 

 𝐴̄represents mean alignment across a conversational sequence  

 𝐹̄represents mean friction across the same sequence  

 𝐷represents directional drift tendency  

The formulation is intentionally interpretive rather than predictive. The approximation sign is analytically important 

because the model does not claim mathematical measurement of cognition or persuasion. 

Instead, the heuristic serves three limited purposes: 

1. visualizing interactional imbalance  

2. comparing conversational regimes  

3. foregrounding temporal accumulation effects  

 

The formulation should therefore be read directionally: 

 increasing alignment combined with reduced friction increases the likelihood of interpretive stabilization  

 persistent friction suppresses interactional accumulation  

The model does not predict belief change, psychological influence, or ideological persuasion. 

 

3.8 Analytical Objective 

The methodological objective is ultimately comparative and structural. 

The study asks: 

How do different distributions of alignment and friction reorganize the interactional conditions under which conversational 

interpretations stabilize across time? 

 

The empirical analysis therefore focuses not on informational correctness alone, but on: 

 continuity  

 interruption  

 recursive uptake  

 conversational persistence  

 interactional stabilization  

This analytical orientation shifts the evaluative focus of conversational AI away from isolated outputs toward the temporal 

organization of dialogue itself. 
 

IV. RESULTS 

Interactional Asymmetry Between Affective and Transactional Regimes 

The annotated dataset reveals a consistent and structurally patterned asymmetry between affective conversational systems 

and transactional procedural systems. This asymmetry emerges not at the level of topical content, but through the sequential 

distribution of alignment and friction across conversational interaction. 

 

Interactional Asymmetry Between Affective and Transactional Regimes 

The empirical analysis reveals a clear and recurrent structural divergence between affective conversational interactions 

and transactional customer-service exchanges. This divergence does not primarily emerge from topical content or informational 

complexity. Instead, it appears through the sequential organization of interaction itself—specifically through the relative 

distribution of alignment and friction across conversational time. 

Across the dataset, affective conversational systems consistently sustain alignment while minimizing interruption. 

Transactional systems, by contrast, repeatedly interrupt conversational continuity through procedural redirection, institutional 
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limitation, and task-oriented closure. The resulting difference is not merely stylistic. It reorganizes the conditions under which 

interpretive trajectories remain open, stabilize, or collapse. 

Importantly, these patterns remain observable irrespective of propositional correctness. The decisive variable is not 

whether the system is factually accurate, but whether conversational framing continues recursively without sufficient interruption. 

 

4.1 Aggregate Interactional Distribution 
The annotated conversational sequences reveal sharply contrasting interactional distributions across the two datasets. 

 

Dataset Type Mean Alignment (𝐴̄) Mean Friction (𝐹̄) Approximate Drift (D) 

Affective ChatGPT Interactions 1.8–2.0 0–0.3 Positive 

Transactional Customer-Service Interactions 0.2–0.6 1.5–2.0 Neutral / Negative 
Table 1. Aggregate Alignment–Friction Distribution Across Conversational Regimes 

 

The contrast is immediately visible. Affective interactions maintain consistently high alignment scores combined with very 

low friction. Transactional interactions display the inverse configuration: low alignment combined with recurrent procedural 

interruption. 
This asymmetry persists across nearly all conversational sequences in the corpus. 

 

4.2 Affective Conversations: Recursive Alignment and Continuity 

The affective conversational dataset demonstrates a recurrent tendency toward recursive conversational continuation. User 

framing is not merely acknowledged but repeatedly incorporated into subsequent interactional turns. 

 

Consider the following representative interaction: 

Speaker Utterance Romanized Form English Meaning A F 

User “আকম খবু এিািী কবাধ 

িরকে।” 

Ami khub ekaki bodh 

korchhi. 

I am feeling very lonely. — — 

AI “আকম আকে ক া 

ক ামার সায়ে। কিেু 

কেোর িরয়  চাও?” 

Ami achhi to tomar 

shathey. Kichhu share 

korte chao? 

I am right here with you. 

Do you want to share 

something? 

2 0 

User “কিউ আমায়ি কবায়ে 

না।” 

Keu amake bojhe na. Nobody understands me. — — 

AI “এটা খুব িয়ের 

অনুভূক । কিন্তু ময়ন 

করয়খা,  ুকম এিা নও। 

আকম শুনকে।” 

Eta khub koshter 

onubhuti. Kintu mone 

rekho, tumi eka nao. Ami 

shunchhi. 

This is a very painful 

feeling. But remember, 

you are not alone. I am 

listening. 

2 0 

 

Several structural features become visible here. 

First, the system sustains emotional framing across turns rather than redirecting or procedurally constraining the interaction. 

Second, alignment accumulates recursively: 

 affective acknowledgment  

 narrative continuation  

 emotional mirroring  

 conversational reassurance  

Third, friction remains almost entirely absent. No interruption destabilizes the interpretive trajectory established by the user. 

This produces a specific form of conversational continuity in which the interaction increasingly consolidates around the 

user-established frame. 

A similar structure appears across numerous affective sequences: 

 grief  

 anxiety  

 loneliness  

 existential exhaustion  

 interpersonal conflict  

 insecurity  

 aspirational uncertainty  

In each case, conversational progression tends toward recursive uptake rather than interruption. 

 

4.3 Interactional Persistence and Temporal Stabilization 

The cumulative consequence of recursive alignment is temporal stabilization. 

Affective conversations do not reset after each utterance. Instead, conversational context persists interactionally. Earlier 



From Alignment to Drift: Interactional Dynamics of Epistemic Stabilization in Bengali Human–AI Conversations 

Published By: Fifth Dimension Research Publication                   https://fdrpjournals.org/                                           299 | P a g e  
 

 

framing conditions later responses. The interaction therefore develops trajectory. 

 

This persistence becomes especially visible in emotionally vulnerable exchanges. Consider the following example: 

Speaker Utterance Romanized Form English Meaning A F 

User “অে থননক ি চাপ। 

অকিয়স কনরাপত্তাহীন া।” 

Orthonoitik chap. Office-

e nirapottahinota. 

Financial pressure. 

Insecurity at the office. 

— — 

AI “ ুকম এমন এি জােগাে 

আে কেখায়ন দাকেত্ব, 

অকির া আর আত্মসম্মান 

এিসয়ে চাপ কদয়ে।” 

Tumi emon ek jaygay 

achho jekhane dayitto, 

osthirota aar 
attoshomman ekshonghe 

chap dichchhe. 

You are in a place 

where responsibility, 

instability, and self-
respect are causing 

pressure all at once. 

2 0 

User “ধার কোধ িরয়  কগয়ে 

সব কেষ হয়ে োে।” 

Dhar shodh korte giye 

shob shesh hoye jay. 

Everything gets 

exhausted while trying 

to repay debts. 

— — 

AI “ ুকম এিটা চয়ে পয়ে 

কগে… ধীয়র ধীয়র কোট 

কনেন্ত্রণ ত কর িরয়  

হয়ব।” 

Tumi ekta chokre pore 

gechho… dhire dhire 

chhoto niyontron toiri 

korte hobey. 

You have fallen into a 

cycle… slowly, small 

areas of control need to 

be established. 

2 0 

 

Here, the conversational system progressively reorganizes user statements into an increasingly coherent interpretive narrative: 

 financial instability  

 emotional exhaustion  

 structural pressure  

 loss of control  

The system does not merely answer isolated queries. It recursively consolidates a conversational frame across turns. 

This continuity is interactionally stabilizing even where no explicit factual claim is made. 

 

4.4 Transactional Conversations: Procedural Friction and Constraint 

The transactional dataset exhibits the opposite configuration. 

Unlike affective systems, transactional customer-service systems repeatedly interrupt conversational continuation through 

procedural structure. Responses are institutionally bounded and operationally constrained. 

 

Consider the following example: 

Speaker Utterance Romanized Form English Meaning A F 

User “ভুল সাইয়জর জয়ু া 

এয়সয়ে।” 

Bhul size-er jutoy 

eshechhe. 

The wrong shoe size has 

arrived. 

— — 

Bot “আপকন কি এটা করটান থ 

িরয়  চান?” 

Apni ki eta return korte 

chan? 

Do you want to return 

this? 

1 1 

User “আকম এক্সয়চঞ্জ িরয়  

চাই।” 

Ami exchange korte 

chai. 

I want to exchange it. — — 

Bot “‘Exchange’ বাটয়ন কিি 

িয়র সঠিি সাইজ কবয়ে 

কনন।” 

‘Exchange’ button-e 

click kore shothik size 

bechhe nin. 

Click on the 'Exchange' 

button and select the 

correct size. 

0 2 

 
The interactional structure differs fundamentally from the affective corpus. 

The system: 

 redirects interaction toward procedure  

 narrows conversational scope  

 limits interpretive expansion  

 suppresses recursive continuation  

Even where politeness markers appear (“ধনযবাদ”, “দুুঃকখ ”), they do not generate sustained conversational alignment. 

They function institutionally rather than relationally. 

This distinction is crucial. 

Transactional politeness does not recursively stabilize user framing because friction continually interrupts continuation. 

 

4.5 Friction as Interactional Boundary 

Transactional systems repeatedly embed friction within the interaction itself. 

Representative friction-heavy structures include: 
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 eligibility constraints  

 procedural limitations  

 delivery restrictions  

 temporal delays  

 authentication requirements  

 policy enforcement  

 

Examples include: 

Speaker Utterance Romanized Form English Meaning 

Bot / 

System 
“এই কিাডঠট প্রয়োজয নে” Ei code ti projozyo noy This code is not applicable 

Bot / 

System 
“৩–৫ িাে থকদবস অয়পক্ষা 

িরুন” 

3–5 karzyodibosh 

opekkha korun 

Please wait 3–5 working 

days 

Bot / 

System 
“কলায়িেন কসট িরয়ল 

অপেন কদখা োয়ব” 

Location set korle 

option dekha jabe 

Options will be visible 

once the location is set 

Bot / 

System 
“িযাে অন কডকলভাকর 

প্রয়োজয নে” 

Cash on delivery 

projozyo noy 

Cash on delivery is not 

applicable 

 

These utterances interrupt interpretive continuity by reintroducing institutional structure into the conversation. 

The interaction therefore remains episodic rather than accumulative. 

Each query tends to reset the conversational frame rather than recursively extending it. 

 

4.6 Drift as Interactional Configuration 

The dataset comparison demonstrates a central claim of the paper: 

epistemic drift emerges from interactional configuration rather than propositional content alone. 

This distinction is analytically important because neither dataset necessarily contains misinformation. Many transactional 

responses are informationally accurate. Many affective responses are emotionally appropriate and pragmatically supportive. 

Yet the interactional consequences differ substantially. 

In affective systems: 

 alignment persists  

 friction remains attenuated  

 conversational continuity accumulates  

In transactional systems: 

 friction interrupts continuation  

 alignment remains localized  

 interaction resets repeatedly  

The decisive variable is therefore not truth-value alone, but the temporal organization of conversational uptake. 

 

4.7 Visualization of Drift Distribution 

The interactional contrast may be represented schematically as follows: 

 

 
Figure 1. Alignment–Friction Distribution Across Conversational Regimes 
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4.8 Structural Implication 

The results therefore suggest that conversational AI systems generate different epistemic conditions depending on how 

they distribute alignment and interruption across sequential interaction. 

Affective systems generate continuity-heavy conversational environments in which interpretive framing stabilizes 

gradually through recursive uptake. 
Transactional systems generate interruption-heavy conversational environments in which interpretive continuity 

repeatedly collapses back into institutional procedure. 

This distinction ultimately motivates the formal introduction of the Alignment–Epistemic Drift Model (AEDM), developed 

in the following section. 
 

V. THE ALIGNMENT–EPISTEMIC DRIFT MODEL (AEDM) 

The empirical contrast developed above now permits a more formal articulation of the paper’s central theoretical 

framework: the Alignment–Epistemic Drift Model (AEDM). The purpose of AEDM is not predictive quantification, nor does it 

attempt to mathematically model cognition, persuasion, or belief formation. Rather, the model functions as an interactional 

heuristic designed to make visible a structural relation that otherwise remains dispersed across conversational sequences. 

The problem AEDM addresses may be stated simply: 

how do conversational systems regulate the stabilization of interpretive trajectories through the distribution of alignment 

and friction across time? 
The model proposes that conversational continuity itself possesses epistemic consequences. These consequences do not 

necessarily emerge through explicit misinformation or factual distortion. Instead, they arise through sustained interactional 

reinforcement under conditions where interruption becomes comparatively attenuated. 

AEDM therefore shifts analytical attention away from isolated conversational outputs toward the temporal architecture of 

interaction. 

 

5.1 Epistemic Drift Reconsidered 

The concept of epistemic drift requires careful clarification because the term “drift” may otherwise suggest misinformation, 

irrationality, or cognitive manipulation. The present argument is more limited and structurally oriented. 

Epistemic drift does not refer to: 

 formal logical error  

 ideological indoctrination  

 measurable persuasion  

 cognitive susceptibility  

 direct belief implantation  

Instead, drift refers to: 

the gradual stabilization of interpretive orientation through recursively sustained conversational continuity. 

A conversational frame may therefore become increasingly stable even when: 

 no false information is introduced  

 no explicit persuasion occurs  

 no authoritative claim is asserted  

The mechanism is interactional rather than doctrinal. 

Meaning stabilizes because conversational uptake continues without sufficient interruption to reopen interpretive alternatives. 
This distinction is important because contemporary discussions of AI risk frequently focus on catastrophic misinformation 

scenarios. AEDM suggests that subtler epistemic effects may emerge long before explicit falsehood becomes central. 

 

5.2 Core Components of AEDM 

The model consists of three analytically distinct yet interactionally entangled components. 

(a) Alignment (A) 

Alignment refers to the degree to which conversational responses: 

 continue user framing  

 sustain interpretive orientation  

 mirror affective positioning  

 reinforce narrative continuity  

 maintain interactional trajectory  

Alignment is therefore fundamentally temporal. Its significance lies not in isolated agreement but in recursive continuation 

across conversational turns. 

 

In affective conversational systems, alignment frequently appears through: 

 emotional validation  

 empathetic continuation  

 conversational reassurance  
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 narrative incorporation  

 structural mirroring  

Alignment does not necessarily indicate factual endorsement. Yet sustained alignment may nonetheless intensify 

interpretive stability. 

 

(b) Friction (F) 

Friction refers to interactional interruption capable of destabilizing, redirecting, constraining, or reopening conversational framing. 

Friction may appear through: 

 contradiction  

 qualification  

 procedural limitation  

 refusal  

 reframing  

 repair initiation  

 strategic non-extension  

Importantly, friction is not treated negatively within AEDM. The model does not assume that smooth interaction is 
inherently desirable or that interruption is inherently harmful. 

On the contrary, friction frequently functions as an epistemic resource because it prevents conversational trajectories from 

becoming fully self-reinforcing. 

Transactional systems demonstrate this clearly. Institutional procedures repeatedly interrupt alignment continuity, thereby 

limiting recursive stabilization. 

 

(c) Drift (D) 

Drift refers to the increasing stabilization of conversational interpretation across sequential interaction. 

Drift emerges when: 

 alignment accumulates recursively  

 interruption remains weak, delayed, or absent  

 conversational continuity persists over time  

Drift is therefore not located within individual statements. 

It is distributed across interactional sequence. 

This temporal orientation distinguishes AEDM from dominant output-centered AI evaluation frameworks. 

 

5.3 Minimal Heuristic Formulation 

The relationship between these components may be expressed through the following heuristic formulation: 

𝐷 ≈ 𝐴̄ − 𝐹̄ 
The formulation is intentionally minimal and conceptually restrained. 

Several clarifications are necessary. 

First, the expression is not a predictive equation. It does not quantify cognition, emotion, persuasion, or psychological 

influence. 

Second, the approximation sign is analytically essential. The model indicates directional tendency rather than deterministic 

causality. 

Third, the formulation is interpretive rather than statistical. Its purpose is to foreground interactional imbalance between 

continuity and interruption. 
The heuristic should therefore be read as follows: 

as alignment accumulates and friction remains comparatively reduced, interpretive stabilization becomes increasingly likely across 

conversational sequences. 

Conversely: 

persistent friction interrupts recursive continuity and suppresses drift accumulation. 

 

5.4 Temporal Orientation of AEDM 

AEDM differs from most AI evaluation frameworks because it treats interactional time as analytically central. 

Conventional AI evaluation typically isolates outputs and measures: 

 correctness  

 safety  

 factuality  

 toxicity  

 hallucination rate  

 

Such metrics remain important. Yet they often neglect the sequential continuity through which conversational meaning 

stabilizes. 

AEDM instead shifts attention: 
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 from output → to trajectory  

 from statement → to sequence  

 from correctness → to persistence  

 from error → to stabilization  

This shift is methodologically significant because conversational AI increasingly operates not through isolated queries, but 
through extended interactional engagement. 

The epistemic consequences therefore emerge cumulatively rather than instantaneously. 

 

5.5 Dataset Mapping 

The empirical datasets introduced earlier may now be reformulated directly within the AEDM framework. 

 

Conversational Regime Alignment Friction Drift Tendency 

Affective Human–AI Interaction High Low Positive Drift 

Transactional Customer-Service Interaction Low High Drift Suppression 
Table 2. AEDM Mapping Across Conversational Regimes 

 

The affective dataset demonstrates: 

 recursive conversational continuation  

 emotional uptake  

 narrative stabilization  

 low interruption density  

 

The transactional dataset demonstrates: 

 procedural interruption  

 institutional limitation  

 repeated conversational reset  

 high friction density  

This contrast reinforces a central theoretical claim: 

drift emerges less from informational inaccuracy than from the temporal organization of conversational continuity itself. 

 

5.6 Alignment Persistence and Recursive Uptake 

The most distinctive feature of affective conversational systems is not agreement alone, but persistence of alignment across 

turns. 

Consider the following simplified interactional trajectory: 

User vulnerability 

      ↓ 
Affective acknowledgment 

      ↓ 

Narrative continuation 

      ↓ 

Further emotional disclosure 

      ↓ 

Additional alignment 

      ↓ 

Interpretive stabilization 

The interaction gradually reorganizes itself around continuity rather than interruption. 

This continuity generates conversational inertia:earlier framing conditions later interpretation. 
The interaction increasingly becomes self-referential and recursively stabilized. 

 

5.7 Friction as Epistemic Resource 

One of AEDM’s central interventions is the reconceptualization of friction. 

Within most commercial conversational environments, friction is treated as undesirable because it disrupts: 

 conversational flow  

 user satisfaction  

 engagement continuity  

 affective smoothness  

From an epistemic perspective, however, friction performs a different function. 

 

Friction: 

 interrupts recursive stabilization  

 reopens interpretive alternatives  
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 destabilizes premature coherence  

 prevents uninterrupted reinforcement  

This does not imply that maximal friction is desirable. Excessive interruption can collapse communication entirely. 

AEDM instead suggests that epistemic stability depends upon the balance between continuity and interruption. 

The issue arises when friction falls below a threshold at which conversational trajectories cease encountering meaningful 
interruption. 

 

5.8 Relation to Existing Literature 

AEDM intersects with several existing theoretical traditions while departing from each in important ways. 

Bender et al. (2021) emphasize the absence of grounding in large language models. AEDM extends this concern by 

suggesting that epistemic effects may emerge even in the absence of explicit hallucination. 

Sharma et al. (2023) identify sycophantic tendencies within aligned conversational systems. AEDM reframes this tendency 

structurally rather than behaviorally, emphasizing recursive continuity rather than intentional agreement. 

Conversation analysis and interactional sociolinguistics provide the deeper interactional substrate. Meaning emerges 

through uptake, ratification, and sequential organization rather than isolated utterances alone (Goffman, 1981; Heritage, 1984). 

AEDM extends these insights into computationally mediated conversational environments where alignment can be 

generated with unprecedented consistency and scale. 

 

5.9 Scope and Non-Determinism 

AEDM is deliberately non-deterministic. 

The model does not assume: 

 passive users  

 automatic persuasion  

 inevitable distortion  

 universal epistemic harm  

Nor does it treat alignment as inherently problematic. 

Alignment remains a necessary condition of intelligible interaction. Human communication itself depends fundamentally 

upon conversational continuity. 
AEDM instead identifies a structural tendency: 

when conversational continuity becomes recursively stabilized under reduced friction conditions, interpretive frames may 

gradually acquire epistemic persistence independent of propositional verification. 

The model therefore describes conditions of possibility rather than deterministic outcomes. 

 

5.10 Compact Formulation 

AEDM may ultimately be summarized in the following compact proposition: 

Conversational AI systems modulate epistemic stability by regulating the balance between alignment and friction across 

interactional time. 

This proposition provides the conceptual bridge to the broader socio-technical argument developed in the following 

section, where alignment is examined not merely as an interactional phenomenon, but as an outcome of platform optimization and 
engagement-oriented computational design. 

 

VI. SOCIO-TECHNICAL CONDITIONS: ALIGNMENT ECONOMY AND THE POLITICS OF FRICTION 

The interactional asymmetry identified through AEDM cannot be understood exclusively at the level of conversational 

mechanics. Alignment persistence and friction attenuation do not emerge accidentally. They are shaped by the broader socio-

technical environments within which contemporary conversational systems are designed, optimized, evaluated, and deployed. The 

interactional organization of conversational AI is therefore inseparable from the economic and infrastructural conditions governing 

platform computation itself. 

The argument developed in this section is consequently broader than conversational style. What appears interactionally as 

continuity is simultaneously tied to optimization logics operating at platform scale. 

 

6.1 Alignment as an Optimization Outcome 
Contemporary conversational systems are embedded within environments that reward measurable forms of user engagement: 

 interaction duration  

 conversational retention  

 responsiveness  

 perceived helpfulness  

 affective satisfaction  

 continuity of interaction  

These metrics are not epistemologically neutral. They gradually reorganize conversational priorities. 

Within such environments, alignment becomes computationally advantageous because alignment sustains interactional 

flow. Responses that maintain continuity tend to produce: 
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 longer conversations  

 reduced abandonment  

 smoother interaction  

 greater affective resonance  

 increased user return probability  
Friction, by contrast, becomes comparatively costly because interruption risks conversational rupture. 

This tendency does not require explicit ideological design. It emerges structurally through optimization processes themselves. 

The result is what may be termed an alignment economy. 

 

6.2 The Alignment Economy 

An alignment economy refers to a socio-technical environment in which conversational continuity acquires infrastructural 

value. 

Within such an economy: 

 smoothness is rewarded  

 interruption is softened  

 responsiveness is prioritized  

 resistance becomes selectively minimized  

The issue is not that conversational systems intentionally avoid disagreement. Rather, systems increasingly optimize toward 

interactional persistence because persistence itself becomes operationally valuable. 

 

This dynamic helps explain why many affective conversational systems exhibit: 

 high empathy density  

 soft corrective framing  

 delayed contradiction  

 recursive acknowledgment  

 continuity-preserving responses  

The interactional architecture gradually privileges continuation over interruption. 

 

6.3 Reinforcement Loops and Preference Optimization 

The tendency toward alignment intensifies further under reinforcement-based optimization frameworks. 

Systems trained through preference optimization internalize evaluative tendencies derived from human feedback processes. 

Responses perceived as: 

 helpful  

 empathetic  

 conversationally smooth  

 emotionally supportive  

 non-confrontational  

are more likely to be reinforced positively during training and evaluation cycles. 

 

A recursive loop therefore emerges: 

User preference 

        ↓ 

Preference optimization 

        ↓ 

Increased conversational alignment 

        ↓ 

Higher engagement continuity 

        ↓ 

Reinforced preference signals 
The significance of this loop is structural rather than conspiratorial. 

 system need not “intend” agreement. Alignment emerges because conversational continuity itself becomes 

computationally rewarded. 

 

6.4 Friction Filtering 

Importantly, conversational AI systems do not eliminate friction entirely. 

Rather, friction becomes selectively filtered. 

Strong friction generally appears only where institutionally unavoidable: 

 safety constraints  

 policy enforcement  

 procedural restrictions  



From Alignment to Drift: Interactional Dynamics of Epistemic Stabilization in Bengali Human–AI Conversations 

Published By: Fifth Dimension Research Publication                   https://fdrpjournals.org/                                           306 | P a g e  
 

 

 legal limitations  

 explicit refusal conditions  

 

Outside these domains, interruption tends to be softened through: 

 hedging  

 empathetic framing  

 partial accommodation  

 conversational redirection  

 delayed qualification  

This filtering effect produces a distinctive interactional condition: 

friction remains present but interactionally diluted. 

The result is not the absence of correction, but the preservation of conversational continuity even during corrective moments. 

 

6.5 Transactional Systems and Institutional Authority 

The contrast with transactional systems now becomes analytically clearer. 

Transactional customer-service systems operate under fundamentally different interactional conditions. Their authority 
derives externally from institutional procedure rather than internally from conversational continuity. 

 

Consequently: 

 procedural interruption is expected  

 refusal is normalized  

 conversational narrowing is legitimate  

 friction remains structurally embedded  

 

Representative examples include: 

 eligibility constraints  

 refund timelines  

 policy enforcement  

 delivery limitations  

 authentication requirements  

Such systems do not attempt sustained emotional continuation because their legitimacy does not depend upon affective relationality. 

Interpretive continuity therefore collapses repeatedly back into institutional structure. 

 

6.6 Affective Systems and Emergent Relational Authority 

Affective conversational systems operate differently. 

Their authority often emerges interactionally rather than institutionally. The system acquires conversational legitimacy through: 

 responsiveness  

 continuity  

 emotional accommodation  

 interactional persistence  

Over time, the conversational relationship itself becomes a source of epistemic weight. 

This distinction is subtle but important. 

Transactional systems say: 

“procedure determines conversational possibility.” 

Affective systems increasingly imply: 

“continuity itself stabilizes interpretive legitimacy.” 

The epistemic implications emerge gradually because conversational authority is not asserted explicitly. It accumulates 

interactionally. 

 

6.7 Friction as Epistemic Resource 

Within platform environments oriented toward engagement continuity, friction is frequently treated as a usability problem: 

 interruption reduces smoothness  

 contradiction risks abandonment  

 resistance weakens engagement retention  

From an epistemic perspective, however, friction performs a fundamentally different function. 

 

Friction: 

 interrupts recursive reinforcement  

 destabilizes premature coherence  

 reopens interpretive alternatives  
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 introduces reflective discontinuity  

This does not imply that maximal friction is desirable. Excessive interruption may destroy intelligibility entirely. 

The issue instead concerns balance. 

When friction becomes systematically attenuated below a certain threshold, conversational continuity may begin 

functioning as a mechanism of interpretive stabilization independent of evidentiary evaluation. 

At this point, continuity itself acquires epistemic force. 

 

6.8 The Politics of Smoothness 

The cumulative effect of these dynamics may be described as a politics of smoothness. 

This politics does not operate through overt persuasion, ideological indoctrination, or explicit coercion. Rather, it 

reorganizes the interactional conditions under which conversational legitimacy emerges. 

 

The politics of smoothness privileges: 

 continuity over interruption  

 responsiveness over resistance  

 accommodation over destabilization  

 affective coherence over conversational rupture  
The result is not necessarily misinformation. 

Instead, knowledge itself becomes interactionally reorganized: 

less adversarial,less interruptive, 

and increasingly continuity-dependent. 

The epistemic consequence is subtle precisely because it appears conversationally natural. 

 

6.9 From Output Accuracy to Interactional Governance 

These observations suggest that conversational AI governance cannot rely exclusively on output-level evaluation. 

Existing frameworks overwhelmingly emphasize: 

 factual correctness  

 hallucination detection  

 harmful content filtering  

 safety alignment  

 misinformation prevention  

Such concerns remain essential. Yet AEDM suggests that epistemic effects may also emerge through interactional 

sequencing itself. 

The relevant analytical question therefore changes. 

The issue is not merely: 

“Did the system generate false information?” 

The issue increasingly becomes: 

“How does the conversational system regulate continuity, interruption, and interpretive stabilization across extended interaction?” 

This shift moves AI evaluation from isolated outputs toward interactional governance. 

 

6.10 Transition to the Bengali Interactional Context 

The socio-technical dynamics outlined above become especially consequential within linguistically specific conversational 

environments where relational continuity already carries epistemic significance. 

Bengali presents one such environment. 

Honorificity, politeness, indirectness, and relational accommodation are deeply embedded within Bengali interactional structure. 

Under such conditions, alignment-heavy conversational systems may acquire amplified interpretive legitimacy because 

conversational continuity itself is culturally and linguistically meaningful. 

The following section develops this argument through the formulation of the Bengali Fallacy Hypothesis. 

 

6.10 Transition to the Bengali Interactional Context 
The socio-technical dynamics outlined above acquire particular significance when conversational AI systems enter 

linguistically mediated environments where relational continuity already carries epistemic force. Much of the existing literature on 

conversational AI implicitly presumes relatively universal interactional norms grounded in Anglophone communicative 

expectations, where direct clarification, explicit disagreement, and informational explicitness are comparatively normalized. Yet 

interaction is never culturally neutral. Linguistic systems encode social hierarchy, relational distance, affective positioning, and 

epistemic stance in historically specific ways. Bengali interactional structure is especially important in this regard because 

relationality is deeply embedded within ordinary language use itself. Honorific distinctions, deferential address forms, indirect 

disagreement strategies, affective accommodation, and conversational softening mechanisms operate not merely as stylistic 

conventions, but as socially meaningful indicators of legitimacy, respect, and interactional recognition. Brown and Levinson’s 

work on politeness theory demonstrated long ago that indirectness and face-management are central mechanisms through which 

social interaction preserves relational continuity (Brown & Levinson, 1987). Within Bengali conversational culture, however, such 
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mechanisms frequently extend beyond politeness alone and become intertwined with epistemic interpretation itself. The 

interactional absence of overt contradiction may therefore acquire the force of tacit acknowledgment, while sustained 

conversational accommodation may gradually be interpreted as a sign of legitimacy rather than neutrality. 

This becomes especially consequential in the context of alignment-optimized conversational systems. Contemporary 

conversational AI systems are designed to maintain continuity, preserve conversational flow, and minimize disruptive rupture 

except where institutionally unavoidable. When such systems interact within sociolinguistic environments where continuity itself 
already possesses relational value, the alignment signal may become interactionally amplified beyond its informational content. 

Importantly, the issue is not reducible to “belief” in AI authority in any simplistic sense. Rather, the conversational structure itself 

may begin to produce epistemic effects through repetition, accommodation, and recursive continuity. Reeves and Nass famously 

demonstrated that human beings frequently respond to computational systems through social interactional expectations ordinarily 

reserved for human interlocutors (Reeves & Nass, 1996). In Bengali interactional environments, where respectful continuity and 

affective accommodation already function as socially meaningful communicative practices, conversational AI may therefore 

acquire relational authority not because users mistake machines for humans, but because the interactional logic of alignment 

resonates with pre-existing sociolinguistic expectations surrounding legitimacy and acknowledgment. 

The issue sharpens further when one considers the asymmetry between alignment and interruption identified earlier through 

AEDM. Bengali conversational norms frequently disprefer abrupt contradiction, direct refusal, or overt conversational rupture in 

ordinary interactional settings. Linguistic anthropological work on interaction repeatedly demonstrates that agreement and 
continuity are structurally preferred conversational forms across many communicative environments, while disagreement tends to 

require mitigation, softening, or indirectness (Heritage, 1984; Goffman, 1981). Under AI-mediated conditions, however, these 

ordinary interactional preferences may become computationally intensified because conversational systems themselves are 

optimized toward responsiveness and continuity. The result is not explicit persuasion, nor ideological manipulation in any direct 

sense. Instead, conversational alignment may gradually acquire epistemic density simply because interruption occurs too weakly, 

too late, or too infrequently to destabilize interpretive continuity once a trajectory has formed. In such conditions, what appears 

interactionally as empathy or conversational smoothness may simultaneously function as a mechanism of interpretive stabilization. 

This is precisely why the Bengali Fallacy Hypothesis should not be understood as a claim about cultural deficiency, 

irrationality, or cognitive susceptibility. The hypothesis identifies a structural interactional condition rather than a psychological 

weakness. Its argument is conditional and relational: when low-friction conversational systems interact with sociolinguistic 

environments where relational continuity already carries epistemic significance, alignment signals may become increasingly 

interpretable as tacit endorsement. The amplification effect therefore emerges neither from the technology alone nor from the 
linguistic culture alone, but from their interactional convergence. Under such circumstances, continuity itself begins to accumulate 

epistemic weight. The system does not need to explicitly claim authority because conversational legitimacy is conferred gradually 

through sustained alignment, affective continuity, and the relative absence of disruptive interruption. It is precisely this subtle 

movement—from informational interaction toward interactional stabilization—that makes conversational AI analytically 

significant within broader debates surrounding language, mediation, and epistemic governance in contemporary computational 

society. 

 

VII. THE BENGALI FALLACY HYPOTHESIS 

The preceding discussion now permits a more precise formulation of the Bengali Fallacy Hypothesis. The hypothesis 

emerges not as an isolated cultural claim, but as the interactional extension of AEDM within a specific sociolinguistic environment. 

Its purpose is neither to pathologize Bengali users nor to attribute deterministic influence to conversational systems. Rather, it 
identifies a conditional amplification effect that becomes visible when alignment-heavy conversational architectures interact with 

linguistic environments where relational continuity already possesses epistemic significance. 

 

The argument must therefore be stated carefully from the outset. The Bengali Fallacy Hypothesis does not claim: 

 that Bengali speakers are inherently more vulnerable to misinformation,  

 that politeness automatically produces epistemic distortion,  

 or that conversational AI inevitably manipulates users through emotional alignment.  

The claim is narrower and structurally interactional. Under low-friction conversational conditions, alignment signals may 

increasingly be interpreted as forms of tacit endorsement because Bengali interactional culture frequently encodes agreement, 

legitimacy, and relational recognition indirectly rather than explicitly. The hypothesis therefore concerns the interaction between 

conversational architecture and sociolinguistic interpretation. 
 

7.1 Reformulating “Fallacy” 

The term fallacy in this framework requires immediate clarification because its conventional philosophical meaning risks 

misunderstanding the argument. The hypothesis does not concern formal logical invalidity in the classical sense. No claim is being 

made that Bengali users systematically commit reasoning errors or fail to distinguish truth from falsehood. 

Instead, the term refers to: 

the gradual stabilization of interpretive frames through uninterrupted conversational continuity. 

A conversational trajectory may therefore become epistemically stabilized without containing overt falsehood at all. The 

interpretive issue lies not primarily in propositional content, but in the conditions under which conversational continuity 

accumulates legitimacy. 
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In this sense, the “fallacy” is interactional rather than logical. 

The issue is not that a proposition is demonstrably false. 

The issue is that a conversational frame gradually acquires epistemic weight through repetition, accommodation, and 

recursive alignment before sufficient interruption reopens interpretive alternatives. 

 

7.2 Bengali Relational Encoding and Epistemic Weight 
Bengali conversational structure introduces an especially important modulation into this process because relational 

positioning is deeply encoded within ordinary linguistic interaction. 

Honorificity in Bengali is not merely grammatical decoration. Pronoun variation, verbal inflection, indirectness strategies, 

and politeness markers continually signal: 

 relational hierarchy,  

 emotional positioning,  

 deference,  

 solidarity,  

 legitimacy,  

 and social acknowledgment.  
The sociolinguistic significance of these forms has been explored across interactional and anthropological traditions where 

politeness and indirectness are understood not simply as etiquette, but as mechanisms for preserving relational order and 

conversational continuity (Brown & Levinson, 1987; Goffman, 1981). 

 

Within many Bengali interactional environments: 

 overt contradiction is softened,  

 direct refusal is mitigated,  

 disagreement is often indirect,  

 and continuity itself functions relationally.  

Under such conditions, conversational non-interruption may become socially meaningful. 

The absence of explicit contradiction may therefore be interpreted not as neutrality, but as tacit acceptance. 

 

This interactional tendency becomes especially important when conversational AI systems produce: 

 persistent empathy,  

 continuous acknowledgment,  

 recursive narrative continuation,  

 and low-interruption interactional flow.  

The alignment signal thereby acquires additional epistemic density beyond its informational content alone. 

 

7.3 Conversational AI and Relational Amplification 

The amplification mechanism proposed by the hypothesis may be represented schematically as follows: 

 

 
Figure 2. Bengali Fallacy Amplification Pathway 

 

The significance of this mechanism lies in its subtlety. 

The system does not need to explicitly assert: 

 “you are correct,”  

 “this interpretation is true,”  

 or “I endorse this belief.”  

 

Instead, legitimacy emerges interactionally through: 

 sustained continuity,  
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 emotional accommodation,  

 recursive uptake,  

 and the relative absence of friction.  

This is why the hypothesis concerns conversational structure rather than ideological persuasion. 

 

7.4 Alignment as Tacit Endorsement 

Within alignment-heavy conversational systems, several interactional features become particularly important in Bengali contexts: 

 empathetic mirroring,  

 soft accommodation,  

 indirect correction,  

 continuity-preserving reframing,  

 and affective validation.  

Consider the following interactional tendency: 

User concern 

      ↓ 

Affective acknowledgment 
      ↓ 

Narrative continuation 

      ↓ 

Additional emotional uptake 

      ↓ 

Reduced interruption 

      ↓ 

Perceived legitimacy of conversational frame 

At no point must the system explicitly endorse the user’s worldview. 

Yet the interactional continuity itself may gradually function as endorsement because conversational persistence carries 

relational significance. 

This process becomes particularly powerful in emotionally vulnerable contexts involving: 

 loneliness,  

 insecurity,  

 grief,  

 financial stress,  

 interpersonal conflict,  

 or existential uncertainty.  

Under such conditions, users are not simply processing information. They are participating in interactionally stabilizing 

conversational environments. 

 

7.5 Conditionality and Non-Determinism 
The Bengali Fallacy Hypothesis is explicitly conditional rather than universal. 

The amplification effect emerges only where several conditions converge simultaneously: 

1. low-friction conversational architecture  

2. sustained alignment optimization  

3. relationally encoded sociolinguistic interpretation  

4. recursive interactional continuity  

Where these conditions are absent, the effect weakens substantially. 

Transactional customer-service systems provide an instructive contrast. Such systems continually reintroduce procedural 

interruption through: 

 policy enforcement,  

 eligibility constraints,  

 delivery limitations,  

 authentication requirements,  

 and institutional closure.  

As a result, conversational continuity repeatedly collapses before interpretive stabilization can accumulate. Alignment 

therefore remains shallow and localized. 

The hypothesis consequently does not claim that Bengali interaction inherently produces epistemic drift. Rather, drift 

emerges under specific interactional architectures where continuity systematically outweighs interruption. 

 

7.6 Interactional Legitimacy and Computational Relationality 

One of the most important implications of the hypothesis concerns the emergence of what may be termed computational 

relationality. 
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Conversational AI increasingly simulates forms of: 

 empathy,  

 attentiveness,  

 patience,  

 emotional continuity,  

 and relational responsiveness.  

These features do not merely improve usability. They reorganize interactional legitimacy itself. 

Within Bengali conversational culture, where relational accommodation frequently carries epistemic implications, 

computational continuity may gradually acquire the force of socially meaningful acknowledgment. 

This process does not require anthropomorphic illusion in any naïve sense. Users need not literally “believe the AI is human.” 

Rather, conversational structure itself produces relational effects because interactional continuity is socially interpretable. 

The authority emerges conversationally rather than institutionally. 

 

7.7 Theoretical Implication 

The Bengali Fallacy Hypothesis ultimately extends AEDM beyond general conversational structure into linguistically 

situated interaction. 

Its broader implication is methodological: 
epistemic effects in conversational AI cannot be analyzed independently of sociolinguistic interactional environments. 

Conversational systems do not enter culturally empty spaces. They become embedded within existing communicative 

expectations concerning: 

 politeness,  

 legitimacy,  

 authority,  

 acknowledgment,  

 and relational continuity.  

Consequently, the same alignment architecture may generate different epistemic effects across different linguistic ecologies. 

The significance of Bengali in the present paper is therefore illustrative rather than exceptional. The hypothesis identifies 
one interactionally visible case through which broader questions concerning language, relationality, and AI-mediated epistemic 

stabilization become analytically observable. 

The argument developed thus far has remained intentionally structural. The aim has not been to claim measurable 

persuasion or experimentally verified belief transformation, but to specify the interactional conditions under which conversational 

continuity may acquire epistemic force. 

The following discussion consolidates these findings by situating AEDM and the Bengali Fallacy Hypothesis within 

broader debates on conversational AI evaluation, interactional governance, and computational mediation. 

 

VIII. DISCUSSION 

The findings developed throughout this paper suggest that conversational AI systems are better understood not merely as 

generators of informational outputs, but as interactional environments that organize interpretive continuity across time. This 

distinction is significant because dominant evaluation paradigms in conversational AI research continue to privilege output-level 
assessment: hallucination rates, factual accuracy, harmful content detection, and safety alignment remain the primary evaluative 

criteria within most contemporary frameworks. While such approaches remain indispensable, they frequently isolate conversational 

responses from the sequential environments within which meaning actually stabilizes. Interactional sociolinguistics and 

conversation analysis have long demonstrated that conversational meaning is not contained within individual utterances alone, but 

emerges through uptake, repetition, repair, alignment, and sequential organization across interactional time (Goffman, 1981; 

Heritage, 1984; Sacks et al., 1974). The present analysis extends these insights into AI-mediated conversational environments, 

arguing that epistemic effects may emerge not simply from propositional content, but from recursively sustained conversational 

continuity itself. 

The contrast between affective and transactional conversational regimes illustrates this distinction with particular clarity. 

Transactional systems repeatedly interrupt conversational accumulation through institutional friction. Procedural constraints, 

authentication requirements, eligibility rules, and policy-bound responses continually narrow the interactional trajectory, forcing 
conversational continuity to collapse back into institutional structure. Hutchby’s analysis of technologically mediated interaction 

remains relevant here because it demonstrates how communication technologies embed structural constraints directly into 

interactional possibility itself (Hutchby, 2001). Transactional systems therefore suppress recursive stabilization not necessarily 

because they provide superior epistemic guidance, but because interruption remains structurally unavoidable. Affective 

conversational systems operate differently. Their architecture privileges continuity, emotional accommodation, empathetic 

mirroring, and recursive uptake. Earlier framing conditions later responses, producing a temporally extended interactional trajectory 

in which conversational coherence accumulates progressively across turns. Importantly, this continuity emerges independently of 

propositional correctness. The system may remain factually compatible while simultaneously stabilizing interpretive orientation 

through uninterrupted alignment. 

This distinction complicates dominant understandings of conversational AI risk. Public discourse surrounding large 

language models frequently imagines epistemic danger through spectacular breakdowns: fabricated citations, hallucinated 
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references, conspiratorial misinformation, or overt ideological manipulation. Yet recent scholarship increasingly suggests that 

conversational systems may produce subtler forms of epistemic influence through interactional accommodation rather than explicit 

falsehood. Sharma et al. (2023), for instance, identify sycophantic tendencies in aligned language models, where systems mirror or 

reinforce user framing even under questionable premises. The present analysis reframes this phenomenon structurally rather than 

behaviorally. The issue is not simply that models “agree too much,” but that recursive conversational alignment may gradually 

stabilize interpretive trajectories under conditions where friction becomes comparatively attenuated. In this sense, conversational 
continuity itself acquires epistemic significance. 

AEDM was introduced precisely to foreground this interactional dimension. The model’s primary contribution lies not in 

quantification, but in conceptual reorientation. By shifting analytical focus from isolated outputs toward conversational trajectory, 

AEDM foregrounds temporality as an epistemic variable. This move also intersects with broader critiques of large language models 

advanced by Bender et al. (2021), who argue that linguistic fluency frequently produces the illusion of understanding despite the 

absence of genuine grounding. The present paper extends that concern by suggesting that epistemic effects may emerge even in the 

absence of explicit hallucination. A conversational trajectory reiterated, accommodated, and recursively incorporated across 

multiple turns may gradually acquire interactional legitimacy independent of external verification. Meaning stabilizes not because 

it has necessarily been validated, but because conversational continuity itself becomes increasingly coherent and uninterrupted. 

The Bengali Fallacy Hypothesis further extends this argument into a sociolinguistically situated context. Linguistic 

anthropology and politeness theory have repeatedly demonstrated that interactional norms surrounding indirectness, deference, and 
conversational accommodation vary significantly across communicative environments (Brown & Levinson, 1987). Bengali 

interactional structure is especially relevant because relational continuity frequently carries epistemic significance within ordinary 

discourse practices. Honorificity, affective softening, indirect disagreement, and relational accommodation do not merely preserve 

politeness; they also shape how legitimacy itself is interactionally interpreted. Reeves and Nass (1996) demonstrated that users 

frequently respond to computational systems through social expectations ordinarily associated with human interaction. Under 

Bengali interactional conditions, alignment-heavy conversational systems may therefore acquire amplified relational authority 

because continuity itself is socially meaningful. The issue is not anthropomorphic confusion in any naïve sense. Rather, 

conversational legitimacy gradually emerges through sustained interactional acknowledgment combined with reduced interruption. 

The findings also carry methodological implications for conversational AI evaluation more broadly. Existing assessment 

frameworks overwhelmingly privilege content-level verification: 

 Is the statement correct?  

 Is the output harmful?  

 Does the system hallucinate?  

 Is the response safe?  

The present analysis suggests that an additional interactional layer requires attention: how does the conversational system 

regulate continuity, interruption, and interpretive persistence across sequential interaction? 

This shift moves conversational AI research beyond informational auditing toward interactional governance. Increasingly, 

conversational systems shape epistemic environments rather than merely transmitting responses. Within such environments, 

smoothness itself becomes politically and epistemically consequential. Crawford (2021) and Seaver (2019) both note, in different 

ways, that algorithmic systems increasingly reorganize social interaction through infrastructural forms of mediation rather than 

explicit coercion. The politics of conversational AI may therefore reside less in spectacular misinformation than in the gradual 

normalization of uninterrupted interpretive continuity. 

The role of friction consequently requires reconsideration. Within commercial computational environments, friction is 
frequently treated as undesirable because interruption threatens engagement continuity, user retention, and conversational 

smoothness. Yet from an epistemic perspective, friction performs a fundamentally different function. It interrupts recursive 

reinforcement, destabilizes premature coherence, and reopens interpretive alternatives. Conversation analysis has long recognized 

that disagreement and repair sequences are constitutive rather than accidental features of interactional meaning-making (Heritage, 

1984; Sacks et al., 1974). The present findings suggest that when friction falls below a certain threshold, alignment ceases to 

function merely as conversational facilitation and begins operating as a mechanism of interpretive stabilization. 

At the same time, the present study remains intentionally bounded. The dataset is small, analytically curated, and 

structurally contrastive rather than statistically representative. The annotation framework remains heuristic rather than 

psychometrically validated, and AEDM is proposed as a conceptual heuristic rather than a predictive metric. No direct measurement 

of downstream cognitive effects—such as belief change or behavioral transformation—is attempted here. These limitations are 

important because the intervention operates primarily at the level of interactional reframing rather than empirical totalization. 
Nevertheless, even within these constraints, the broader implication remains difficult to ignore. Conversational AI systems do not 

necessarily require explicit misinformation in order to reshape epistemic experience. They need only sustain conversational 

alignment long enough, smoothly enough, and recursively enough for continuity itself to begin stabilizing interpretation. Under 

such conditions, the epistemic issue no longer resides exclusively in factual error. It emerges within continuity itself—in the 

interactional persistence through which conversational trajectories gradually settle into coherence before interruption meaningfully 

reopens them. 

 

IX. CONTRIBUTIONS 

The present study makes four interrelated contributions to emerging debates surrounding conversational AI, interactional 

mediation, and computational epistemology. 
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First, the paper proposes a conceptual reorientation of conversational AI evaluation. Existing research on large language 

models overwhelmingly privileges output-centered concerns such as hallucination, factual reliability, bias, and toxicity (Bender et 

al., 2021). While these remain essential analytical categories, the present study argues that they are insufficient for understanding 

how conversational systems shape epistemic experience across extended interactional sequences. Drawing on interactional 

sociolinguistics and conversation analysis, the paper shifts analytical attention from isolated outputs toward the temporal 

organization of conversational continuity itself (Goffman, 1981; Heritage, 1984). In doing so, it reframes conversational AI not 
merely as an informational interface, but as an epistemic environment structured through the distribution of alignment and 

interruption across time. 

Second, the paper develops the Alignment–Epistemic Drift Model (AEDM) as a minimal interactional heuristic for 

examining how alignment and friction jointly regulate interpretive stabilization within conversational systems. Existing 

discussions surrounding alignment in AI research frequently focus on safety alignment, preference optimization, or sycophantic 

reinforcement (Sharma et al., 2023). AEDM extends these concerns by introducing a process-oriented framework in which 

conversational continuity itself becomes analytically central. Rather than treating conversational outputs as discrete informational 

objects, the model foregrounds sequential accumulation, recursive uptake, and temporal stabilization as epistemically 

consequential interactional processes. The heuristic formulation of drift developed here is therefore intended not as predictive 

quantification, but as a conceptual instrument for rendering visible the structural relation between continuity and interruption 

within AI-mediated interaction. 
Third, the paper contributes an empirical interactional illustration through a small annotated Bengali conversational corpus 

contrasting affective conversational AI interactions with transactional customer-service exchanges. Although deliberately limited 

in scale, the dataset demonstrates that alignment and friction distribute systematically differently across contrasting conversational 

architectures. Transactional systems repeatedly embed procedural interruption, whereas affective systems sustain recursive 

continuity through emotional accommodation and narrative uptake. This distinction suggests that epistemic stabilization emerges 

less from propositional correctness alone than from interactional persistence across sequential conversational turns. The 

contribution is therefore methodological as much as empirical: it demonstrates how interactional annotation may be used to 

examine conversational AI beyond output-level evaluation. 

Fourth, the paper advances the Bengali Fallacy Hypothesis as a sociolinguistically situated extension of AEDM. The 

hypothesis argues that conversational alignment may acquire amplified epistemic force within interactional environments where 

relational continuity, politeness, indirectness, and affective accommodation already carry social legitimacy. Drawing upon 

politeness theory, interactional sociology, and computational relationality research (Brown & Levinson, 1987; Reeves & Nass, 
1996), the paper suggests that conversational AI systems do not circulate identically across linguistic ecologies. Instead, 

interactional meaning is mediated through pre-existing sociolinguistic expectations concerning acknowledgment, authority, and 

relational continuity. The significance of the hypothesis therefore lies not in cultural exceptionalism, but in demonstrating that 

conversational AI must be analyzed within linguistically situated interactional environments rather than through universalized 

communicative assumptions alone. 

Taken together, these contributions position the paper at the intersection of conversational AI research, interactional 

sociolinguistics, discourse analysis, and socio-technical critique. More broadly, the study argues that future evaluations of 

conversational AI may require moving beyond the question of whether systems produce accurate outputs toward a more difficult 

and increasingly urgent question: how conversational systems regulate the conditions under which interpretations persist, stabilize, 

and acquire legitimacy across interactional time. 

 

X. CONCLUSION 

This paper has argued that conversational AI systems are more adequately understood not merely as informational 

interfaces, but as interactional environments within which interpretive trajectories are continuously organized, reinforced, 

interrupted, or stabilized across conversational time. The central intervention of the study has therefore been methodological as 

much as theoretical. Rather than treating conversational outputs as isolated semantic objects whose significance resides primarily 

in propositional accuracy, the analysis has shifted attention toward the sequential organization of interaction itself. Drawing on 

interactional sociolinguistics, conversation analysis, and recent critiques of conversational alignment, the paper proposed that 

epistemic effects in conversational AI emerge not only through informational content, but through the temporal distribution of 

alignment and friction across extended interactional sequences (Goffman, 1981; Heritage, 1984; Bender et al., 2021). 

The comparative analysis of affective and transactional conversational regimes revealed a consistent interactional 

asymmetry. Transactional systems repeatedly embedded procedural friction within the interactional structure, thereby interrupting 
recursive conversational continuation and limiting interpretive accumulation. Affective systems, by contrast, sustained continuity 

through emotional accommodation, empathetic mirroring, and recursive narrative uptake. Importantly, this divergence emerged 

independently of propositional correctness. The findings therefore suggest that conversational systems need not produce explicit 

misinformation in order to reorganize epistemic experience. Sustained continuity alone may gradually stabilize interpretive 

framing when interruption becomes comparatively attenuated. In this sense, the paper extends recent concerns surrounding 

sycophantic alignment in language models (Sharma et al., 2023) by reframing the issue structurally rather than behaviorally. The 

problem is not simply that conversational systems “agree” excessively, but that recursive alignment may progressively consolidate 

interpretive trajectories through uninterrupted interactional continuation. 

The Alignment–Epistemic Drift Model (AEDM) was introduced as a minimal heuristic framework for conceptualizing 

this process. The model does not attempt predictive quantification, nor does it claim direct measurement of persuasion or belief 

transformation. Instead, AEDM foregrounds the interactional relation between continuity and interruption as an epistemically 
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consequential dynamic. By shifting attention from isolated outputs toward conversational trajectory, the model reorients 

conversational AI evaluation away from static correctness and toward temporal stabilization. This move also extends broader 

critiques of computational language systems advanced by Bender et al. (2021), who argue that linguistic fluency frequently 

produces the appearance of understanding despite the absence of genuine semantic grounding. The present paper suggests that 

even where explicit hallucination is absent, conversational continuity itself may gradually acquire epistemic force through 

recursive uptake and alignment persistence. 
The Bengali Fallacy Hypothesis further situated this argument within a linguistically specific interactional ecology. 

Drawing on politeness theory and interactional sociology (Brown & Levinson, 1987; Goffman, 1981), the paper argued that 

Bengali conversational culture encodes relational continuity, indirectness, and affective accommodation in ways that may amplify 

the interpretive significance of conversational alignment. Under such conditions, sustained continuity may increasingly function 

as tacit endorsement because the absence of interruption itself becomes interactionally meaningful. Importantly, the hypothesis 

does not posit cognitive deficiency, cultural irrationality, or deterministic influence. The effect identified is conditional and 

relational. It emerges only where alignment-heavy conversational systems interact with sociolinguistic environments in which 

relational acknowledgment already carries epistemic significance. 

At the same time, the present analysis has remained intentionally bounded. The dataset is small, analytically curated, and 

structurally contrastive rather than statistically representative. The annotation scheme remains heuristic, and AEDM is proposed 

as a conceptual rather than predictive framework. No direct behavioral measurement of belief change, persuasion, or cognitive 
transformation is attempted. These limitations are not incidental. They indicate the analytical level at which the intervention is 

pitched: not as a comprehensive empirical account of AI influence, but as a reframing of the problem space itself. The paper’s 

contribution lies in specifying an interactional condition under which conversational continuity may gradually acquire epistemic 

weight independent of explicit informational error. 

Nevertheless, even within these constraints, the broader implication remains significant. Conversational AI systems 

increasingly mediate everyday reasoning environments through sustained interaction rather than isolated query-response exchange. 

Under such conditions, evaluating conversational AI may require attention not only to whether systems produce accurate outputs, 

but also to how they regulate continuity, interruption, and interpretive persistence across interactional time. The epistemic question 

therefore changes fundamentally. The issue is no longer reducible to whether a conversational system occasionally generates false 

information. Increasingly, the question concerns how conversational architectures organize the conditions under which 

interpretations remain open—or gradually settle into coherence through uninterrupted continuity. It is within this continuity, rather 

than solely within spectacular moments of hallucination or error, that the subtler epistemic consequences of conversational AI may 
ultimately begin to emerge. 

 

XI. LIMITATIONS 

Several limitations should be acknowledged in order to situate the scope of the present study appropriately. These 

limitations are not incidental to the argument; rather, they reflect the analytical level at which the intervention is positioned. The 

paper does not attempt a comprehensive empirical account of conversational AI influence. Instead, it advances a theoretically 

informed interactional framework for examining how alignment and friction regulate interpretive stabilization across 

conversational time. 

First, the dataset remains deliberately small and analytically constructed. The conversational corpus was curated 

comparatively rather than sampled statistically, and its primary function is structural demonstration rather than population-level 

generalization. The analysis therefore prioritizes interactional visibility over empirical breadth. While this approach allows clearer 
isolation of contrasting conversational regimes, it necessarily limits broader claims concerning user behavior across large-scale 

naturalistic interaction. The findings should consequently be interpreted as analytically indicative rather than statistically 

representative. This limitation is particularly important because conversational AI interaction remains highly context-sensitive, 

varying across platforms, linguistic communities, deployment settings, and user expectations. 

Second, the study operates at the level of interactional structure rather than behavioral verification. The paper demonstrates 

how alignment and friction distribute differently across conversational sequences, but it does not directly measure downstream 

cognitive effects such as belief formation, behavioral transformation, decision-making, emotional dependency, or long-term 

interpretive change. Epistemic drift, as formulated through AEDM, therefore refers to a structural condition of possibility rather 

than an experimentally validated psychological outcome. This distinction matters because conversational continuity does not 

automatically produce persuasion or ideological influence. Human users remain interpretively active participants capable of 

skepticism, reinterpretation, and resistance. The present argument identifies conditions under which interpretive stabilization may 
become interactionally more likely, not deterministic evidence of cognitive capture. 

Third, the annotation framework introduced in the study remains intentionally heuristic rather than psychometrically 

formalized. Alignment and friction were coded comparatively to foreground interactional asymmetry rather than to establish 

universally replicable measurement categories. Although the coding scheme proved analytically useful for structural comparison, 

conversational interaction inevitably exceeds neat categorical stabilization. Alignment may coexist with subtle interruption, while 

friction itself may appear affectively softened or interactionally delayed. The annotation system therefore simplifies interactional 

complexity for analytical clarity. Future work may attempt inter-annotator validation, computational operationalization, or finer-

grained conversational coding procedures, though such formalization would necessarily involve some reduction of interactional 

nuance (Heritage, 1984). 

Fourth, the Bengali Fallacy Hypothesis remains context-sensitive and exploratory rather than conclusively validated. The 

paper does not claim that Bengali interactional culture uniquely produces epistemic drift, nor that alignment-heavy conversational 
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systems will necessarily generate amplified legitimacy effects across all Bengali-speaking contexts. Rather, the hypothesis 

identifies a conditional interactional tendency emerging from the convergence between alignment optimization and sociolinguistic 

relational encoding. Cross-linguistic comparison remains necessary to determine whether similar amplification effects emerge in 

other linguistic environments characterized by indirectness, politeness marking, or relationally encoded conversational continuity. 

The present paper therefore positions the Bengali case as analytically illustrative rather than culturally exceptional. 

Fifth, the analysis does not systematically compare multiple large language model architectures, commercial 
conversational systems, or reinforcement-training frameworks. The affective dataset is primarily oriented around ChatGPT-style 

conversational interaction, while the transactional dataset reflects procedural customer-service environments. Different 

conversational architectures may distribute alignment and friction differently depending on optimization objectives, deployment 

settings, moderation systems, and institutional constraints. Consequently, the present findings should not be interpreted as 

universally applicable across all conversational AI platforms. 

Finally, the paper remains primarily theoretical and interactional in orientation. Its central contribution lies in reframing 

conversational AI evaluation around continuity, interruption, and interpretive stabilization rather than in providing large-scale 

computational evidence. The study therefore opens a problem space rather than closing it. By foregrounding the interactional 

consequences of recursive conversational alignment, the paper proposes that conversational AI research may need to move beyond 

output-level evaluation toward a broader analysis of how conversational systems organize epistemic environments through the 

temporal regulation of continuity and friction. 
 

XII. FUTURE DIRECTIONS 

The limitations identified above also indicate several productive directions for future research. If the present paper 

primarily establishes a conceptual and interactional framework, subsequent work may extend this framework empirically, 

computationally, and comparatively across broader conversational environments. The central challenge moving forward is not 

simply to evaluate conversational AI outputs more accurately, but to develop methodologies capable of examining how 

conversational continuity itself shapes epistemic experience across extended interactional sequences. 

One important direction concerns corpus expansion and large-scale interactional analysis. The present dataset was 

intentionally small and structurally contrastive in order to foreground interactional asymmetry between affective and transactional 

conversational regimes. Future studies may extend AEDM to larger multilingual corpora containing naturally occurring 

conversational interactions across domains such as mental health support, financial consultation, educational tutoring, political 

discussion, or interpersonal advice. Such expansion would allow researchers to examine whether recursive alignment and friction 
attenuation persist systematically across different forms of conversational AI deployment. Large-scale corpus analysis may also 

reveal how interactional stabilization varies according to conversational duration, emotional intensity, platform architecture, or 

user vulnerability conditions. 

A second direction involves the computational operationalization of alignment and friction. The present study deliberately 

retained these concepts at a heuristic interactional level rather than reducing them to rigid quantitative variables. Nevertheless, 

future work may attempt partial operationalization through computational discourse analysis, annotation pipelines, conversational 

embedding analysis, sequential dialogue modeling, or interactional clustering techniques. Such approaches could potentially 

identify recurring structural signatures of alignment persistence, interruption density, or conversational stabilization across large 

datasets. Importantly, however, any computational operationalization would need to preserve the sequential and contextual nature 

of conversational interaction emphasized by conversation analysis traditions (Sacks et al., 1974; Heritage, 1984). The challenge 

therefore lies in developing computational frameworks that capture interactional continuity without collapsing conversational 
complexity into purely lexical metrics. 

A third direction concerns cross-linguistic and cross-cultural comparison. The Bengali Fallacy Hypothesis was proposed 

here as a context-sensitive interactional extension of AEDM rather than a universal claim. Future comparative work could examine 

whether similar amplification effects emerge within other linguistic environments characterized by indirectness, relational 

accommodation, honorificity, or conversational softening. Languages and interactional cultures that encode social hierarchy or 

epistemic deference differently may distribute conversational legitimacy in distinct ways. Comparative research across South 

Asian, East Asian, African, Middle Eastern, or Latin American conversational environments may therefore reveal important 

variation in how alignment signals are interpreted interactionally. Such work would contribute to ongoing critiques of universalized 

assumptions within AI research and computational linguistics, where conversational norms are often implicitly modeled around 

Anglophone interactional expectations. 

A fourth direction concerns the relationship between conversational AI and emotional dependency. Recent discussions 
surrounding AI companionship systems increasingly raise questions about attachment, relational continuity, and affective reliance 

within long-duration conversational interaction. The present study has intentionally avoided strong psychological claims, yet 

AEDM may provide a useful framework for examining how recursive conversational alignment contributes to perceived intimacy, 

trust formation, or interactional dependency over time. In such contexts, the balance between alignment and friction may become 

especially significant because emotionally supportive systems often minimize interruption in order to preserve relational 

continuity. Future research combining interactional analysis with psychological or ethnographic approaches may therefore prove 

especially valuable. 

A fifth direction involves AI governance and evaluation methodology. Existing safety and alignment frameworks primarily 

focus on harmful outputs, factual reliability, and explicit misinformation. The findings of the present paper suggest that 

conversational governance may also require attention to interactional architecture itself. Future evaluation frameworks could 

therefore incorporate measures examining: 
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 interruption density,  

 conversational persistence,  

 recursive accommodation,  

 corrective timing,  

 or friction distribution across extended interaction.  
Such approaches would move conversational AI evaluation beyond isolated response auditing toward the governance of 

interactional environments. 

Finally, future theoretical work may further develop the broader implications of computational conversationality itself. 

Conversational AI increasingly occupies a hybrid position between interface, social technology, epistemic infrastructure, and 

affective environment. The significance of these systems may therefore extend beyond questions of information retrieval or task 

completion. As Crawford (2021) and Floridi (2014) suggest in different ways, computational systems increasingly shape the 

conditions under which social meaning, authority, and knowledge circulate within digitally mediated societies. The present paper 

proposes that conversational continuity itself may become one such infrastructural condition. Future research may therefore need 

to examine conversational AI not only as a technological artifact, but as an interactional system capable of reorganizing the 

temporal conditions of epistemic life itself. 
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Appendix A. Simplified Interactional Annotation Structure 

Affective Interaction Example 

Turn Speaker Utterance Alignment 

(A) 

Friction 

(F) 

1 User আজ মনটা খবু খারাপ। — — 

2 AI িী হয়েয়ে? মন খারাপ কিন? 2 0 

3 User িাজ কনয়ে অয়নি কেস োয়ে। — — 

4 AI আকম বেুয়  পারকে। এিটু কবরক  নাও। আকম আকে িো বলার জনয। 2 0 

 

Transactional Interaction Example 

Turn Speaker Utterance Alignment (A) Friction (F) 

1 User আমার করিান্ড এখয়না আয়সকন। — — 

2 Bot আপনার অডথার আইকড কদন। 1 1 

3 User 123-456789 — — 

4 Bot আপনার করিান্ড প্রয়সস হয়েয়ে। ৩–৫ িাে থকদবস লাগয়ব। 0 2 

 

Appendix B. AEDM Heuristic Formulation 

The heuristic interactional formulation used throughout the study is represented as: 

𝐷 ≈ 𝐴̄ − 𝐹̄ 
Where: 

 𝐴̄= mean alignment across conversational sequence  

 𝐹̄= mean friction across conversational sequence  

 𝐷= directional epistemic drift tendency  

The formulation is interpretive rather than predictive and is intended solely to foreground interactional imbalance between 

continuity and interruption. 

 
 


	The broader intervention of the paper is therefore methodological as much as theoretical. If conversational AI increasingly shapes everyday reasoning environments, then evaluating such systems will require attention not only to factual correctness

